Marketers’ intuitions about the sales effectiveness of advertisements

Advertisements vary enormously in their sales effectiveness, so choosing the more
effective creative executions to air is an important marketing task. Such decisions are often
made intuitively. This study assesses the intuitive predictions of a global sample of marketers
regarding which television ads are more or less sales effective. The findings show that
marketers’ predictions were correct no more often than random chance. Multivariate analysis
suggests that those with category experience and those in marketing or consumer insights
roles make slightly better predictions. Aside from who makes better predictions, further
research is needed on Zow to improve advertising decisions, including use of evidence-based

decision support systems and team decision-making.



Making better marketing decisions than one’s competitors is important for business
success. Marketers must often decide which ads to air and/or what ads to support with a
substantial portion of their media budgets. These decisions concern one of the largest
expenses for consumer brand companies, with media spend typically equivalent in value to
profits (Sharp 2010). In this paper, we examine the ability of marketers to choose
appropriately. Specifically, we ask a large group of marketers and advertising agency
executives to predict which ads they believe are better or worse in driving product sales and
compare these predictions to in-market results. Their predictions are made based on intuition,

which is commonly relied upon when selecting ads to air (Rossiter and Bellman 2005).

The importance of choosing quality ads

Choosing ads is both an opportunity and risk for brands because there are large
differences in the resulting effectiveness of campaigns. Jones (1995), for example, found only
20 percent of campaigns achieved strong short-term sales effects. Wood (2009) more recently
found some ads could be 10 to 20 times more sales effective than others for the same brand.
The challenge for advertisers is to consistently identify and air more effective ads.

Advertising design is a complex process given the tremendous number of creative
devices available (Burke et al. 1990). Stewart and Furse (1986) identified over 150 creative
devices that still characterize current advertising practice (Hartnett et al. 2016). However, few
advertisers document or access empirical evidence regarding what creative devices work
more often and under what conditions (Armstrong 2010; Ewing and West 2000). Some
marketers even preclude the possibility of generalizable knowledge, leading to the common
“mine is different” mantra (Binet and Carter 2013).

Several studies have documented how the advertising development process is

managed and who is involved (e.g. Hill and Johnson 2004; Michell 1988; Na et al. 2009;



Turnbull and Wheeler 2015). These studies indicate the types of decisions made but provide
no evidence of when better ads are produced. Understanding of the quality of advertising
design decisions and how those decisions are made (intuitively or analytically) is sorely

lacking.

How good are marketers at predicting more effective ads?

The limited research in this area is surprising when one of the enduring concerns of
marketers is how to make great advertising (Tharpe 2013). Published empirical evidence of
marketers’ judgments related to advertising effectiveness is rather dated. One study asked 83
advertising managers to predict the performance of 24 newspaper ads (Bogart et al. 1970).
Managers predicted readership quite well (=0.64 for recall, 7=0.55 for recognition) but not
sales performance (»=0.06). Another study asked 270 attendees at a direct mail conference to
predict the more effective ads for 10 split-run mailing tests (McCorkell 1985). No individual
predicted the outcome for more than seven tests. These studies, however, are both decades
old, related only to print advertising, and the latter is more qualitative. Today’s marketers may
be better decision makers. They have access to sophisticated measures of advertising effects
(e.g. marketing mix models, single-source analysis), so have more opportunity to learn what
works, hence, further research in this space is thus overdue.

Our study is a large-scale test of how well marketing decision makers’ predict the
sales effectiveness of television ads. We compare professional marketers’ judgments for
several pairs of ads with known in-market sales effects. We compare groups based on work
experiences (e.g. employer, role, tenure) to determine whether certain types of experience
lead to better decisions. We also compare marketers’ predictions to those of novices to
examine whether any experience leads to better judgment. But first, it is useful to discuss

decision-making and how it applies to advertising.



Intuition and decision-making

Decision-making involves two parallel cognitive systems: the intuitive and the
analytical. We focus on the intuitive, considered the predominant basis for advertising
decisions. Intuition is a form of reasoning developed from years of experience and learning
that allows a person to identify and apply meaningful patterns to support present decisions
(Matzler et al. 2007). Those with good intuition can encode complex information faster
because of their highly organized, domain-specific knowledge, which is presumed to result in
better decisions (Blattberg and Hoch 1990).

Researchers have studied judgment and decision-making to map the conditions that
separate genuine intuitive skill from overconfident impressions (Kahneman and Klein 2009).
Intuitive predictions often outperform analytical ones (Andersen 2000; Harteis and Gruber
2008; Khatri and Ng 2000; Sadler-Smith 2004), though there is also much evidence of
intuitive predictions being highly inaccurate, irrespective of experience or expertise
(Armstrong 1991; Armstrong 1980; Goldberg 1959; Hoch 1988; Karelaia and Hogarth 2008;
Tetlock 2005), especially when compared to mechanical or statistical predictions (Franses
2009; Goldberg 1970; Grove et al. 2000; Meehl 1954; Sawyer 1966). Evidence of the
superiority of statistical predictions comes mostly from research in medicine, clinical
psychology, emergency response, financial and legal services, and politics. It cannot be
assumed, however, that findings from non-business domains generalize to the advertising
context, given that each field has its own unique issues (Wierenga 2011). Empirical testing is

necessary to understand how accurate intuitions are for advertising decisions.

Intuition and decision-making in advertising
The advertising decision maker’s environment likely affects how they might make

(better) judgments. Hammond’s Cognitive Continuum theory provides evidence that



cognitive modes range from pure intuition to pure analysis and that characteristics of the
environment stimulate and interact with these cognitive modes (Hammond 2000; Hammond
1980; Hammond et al. 1987). There are several cognitive and task properties that determine a
person’s location on either continuum. Given the characteristics of the advertising
environment, it appears to be predominantly intuition inducing. When evaluating ads, which
often incorporate many different audiovisual creative devices, decision makers must utilize
many information cues that are presented simultaneously and pictorially (with some
exceptions, e.g. radio ads). The interpretation of these cues in regards to perceived creativity
(originality, appropriateness, etc.) is largely subjective (Nyilasy and Reid 2009b). Academics
continue to debate the most appropriate models of how advertising works (e.g. Ehrenberg et
al. 2002; Heath and Feldwick 2008; Jones 1997; Vakratsas and Ambler 1999) and marketers’
beliefs do not really resemble prominent theories (Nyilasy and Reid 2009a). The effects of
advertising, particularly on sales, can be hard to isolate and predict because of numerous
additional influences, including price, promotions, distribution, competitor response,
economic conditions, etc.

Given such complexity, it is not surprising that advertisers prefer to use intuition and
personal preferences (Rossiter and Bellman 2005). Qualitative research has found advertising
agency staff prioritize skills acquisition and intuition as two mental models (both precluding a
more rational, evidence-based approach) (Nyilasy et al. 2013). Skills acquisition employs
experiential knowledge, where performance improves through trial and error. The intuition
model, which follows skills acquisition, reflects expertise accumulated from experiential
learning, often described as gut reactions that “this is the right thing to do”” without further
explanation (Nyilasy et al. 2013). Though popular, using management’s intuitive judgment as
the basis for choosing which ads to air remains contentious. Ogilvy (1983) originally spoke

out against the industry’s abhorrence of research and rules; “Why should our clients be



expected to bet millions of dollars on your intuition? [...] I cannot think of any other
profession that gets by on such a small corpus of knowledge. [...] What is the reason for this
failure to codify experience? [...] Is it that any kind of scientific method is beyond the grasp
of ‘creative’ people?” (p. 21), but such views have had limited impact on industry practice.
Cognitive Continuum Theory further predicts that the effectiveness of people’s
judgement is contingent on matching the task’s properties and the cognitive mode used. Using
intuition when the task calls for it should lead to more accurate predictions, which supports
advertising creatives’ enthusiasm for intuition before analysis. Copy testing, for example, is
disliked because it is believed to compromise creativity (Hackley and Kover 2007). Analysis
of case studies submitted to the UK Institute of Practitioners in Advertising (IPA)
Effectiveness Awards found that copy tested campaigns won awards less often (40 versus 74
percent) and reported “very large business effects” less often (43 versus 68 percent) (Binet
and Field 2007). Other research has found when people are forced to use rational decision-
making when judging advertising, decisions get worse. Explicit reasoning degraded
predictions of how likeable ads were (intuitive task) but enhanced predictions of annual
cigarette consumption (analytic task) (McMackin and Slovic 2000). These findings endorse
the positive effect of matching task properties and intuitive thinking in advertising; however,
more tests of the effectiveness of professional marketers’ intuitive predictions are still needed.
Another consideration is the ability to learn good intuition. Hogarth’s (2001)
conceptualization of learning structures suggests intuition is more accurate when
environments are kind (i.e. feedback that links judgments to outcomes is plentiful) and less so
when environments are wicked (i.e. feedback is noisy, delayed or uncertain). Feedback in
wicked environments does not help us learn. In advertising, feedback on the effectiveness of
ads is often lacking or difficult to interpret, suggesting a rather wicked context for decision-

making. Measuring advertising effects is standard practice for large advertisers but is not



universal, with many measures also arguably flawed (e.g. Kennedy and Northover
forthcoming). Because ads use creative devices in different combinations it is difficult to
discern what combinations are driving effects and inconsistent use of different measures (e.g.,
ad recognition, brand recall, emotional response, etc.) complicates issues further. Additional
complexity arises when relationships change across markets (e.g. product category, brand
size, market age, culture) (Armstrong 2010).

Product category is one condition that can be consistent for a time, allowing marketers
to develop more accurate intuitions. Marketers that work for a biscuit brand, for example,
who see lots of ads with many similar creative devices linked to some measure of advertising
effect might be better able to predict outcomes for biscuit ads than other ads. Testing is

needed to know for sure.

Research objectives

We sought to document how well marketers make intuitive advertising decisions. If
marketers make effective intuitive decisions then there is little need to introduce time
consuming and costly analytical or evidence-based approaches. However, if intuitive
advertising decisions are poor, this finding justifies the adoption of evidence-based support
systems to help marketers make better decisions. The objectives of this empirical study are:
(1) to investigate how accurate marketers are at identifying sales effective ads when relying
on their intuition; and (2) to determine who makes better decisions, by comparing decisions
across different groups based on their experience, for example, their employer (manufacturer
or advertising agency), job role (marketing, insights), tenure, and category-specific
experience, whilst also comparing to a sample of novices as a baseline.

Marketers have long focused on intermediate measures of advertising effects to assess

campaign effectiveness, such as how creative or memorable an ad is. The problem is that



intermediate measures are poor predictors of actual behavior and in-market sales (e.g. Bogart
et al. 1970; Haley and Baldinger 1991; Kuse 1991; Lodish et al. 1995). Because businesses
seek financial accountability from marketing (Stewart 2009), advertising outcomes linked to
profit and sales-based measures are the most appropriate basis for assessing advertising
decisions (Eisenstein and Lodish 2002; Van Bruggen et al. 1998). It is a harder test to predict
sales, as discovered by Bogart et al. (1970), but given the preference for financial measures

the target variable used in this study is short-term sales effectiveness.

Method

The approach had marketers watch pairs of ads and judge which ad in the pair was
more sales effective. Using ad pairs creates a quasi-experiment because many contextual
variables (e.g. product, brand size, target market, etc.) are controlled for, even though the
creative devices used by the ads vary (Armstrong 2010). Quasi-experiments are seldom used
to analyze advertising effects but are a valid approach to developing knowledge about how
advertising works (Armstrong and Patnaik 2009) or, in this case, testing marketers’ intuition.
Selecting the ad stimuli

A global consumer packaged goods (CPG) manufacturer provided eight pairs of
matched television ads (16 ads in total) from four product categories, including two staple and
two impulse categories (two pairs apiece). Ads in each pair were from the same country;
seven were from the UK and one the US. The four categories were well established in these
countries and all ads were for established brands. Ads in the pairs were for the same brand for
five of eight pairs (i.e. two ads for Brand A, aired at different times). For the other three pairs,
the ads were for competing brands that had similar market shares and positioning.

The sales effect for each ad was measured in-market with longitudinal individual-level

single-source data. Single-source data continuously records product purchases and advertising



exposures for households. From such data a brand’s share of category purchases preceded by
advertising exposure(s) can be compared to the share of purchases not preceded by
advertising exposure(s) (i.e. two separate groups of households), effectively extracting an
advertising experiment (for the history of single-source advertising research see Jones 1995;
McDonald 2000, or for examples of how such data can be used to answer advertising
questions see Hartnett et al. 2016; Newstead et al. 2009; Taylor et al. 2013; Taylor et al.
2009). Sales effectiveness of the ads was determined by the manufacturer using proprietary
analysis that accounts for other variables including frequency of advertising exposure in the
weeks prior to purchase and purchases made on discount. Resulting sales indexes therefore
isolate brand sales changes driven by the specific advertising execution alone. The relative
sales effectiveness of the ads in all pairs was substantively different. One ad was well above
the average sales effectiveness index for the product category and country (i.e. relative to the
sales effects all other ads in the period) and the other was well below.

Sample of marketers and agency executives

Senior management from the manufacturer contacted all marketers in its employ
globally as well as personnel from two affiliated advertising agencies. These are people who
make decisions related to their brand portfolio. They were sent a link to the online survey,
which was positioned as an opportunity for marketers to test their skills and receive feedback.
After two weeks of data collection 616 marketers and 82 agency personnel had participated
(response rates were 35 and 100 percent respectively).

Respondents watched five randomly assigned pairs of ads to keep the test short and
encourage completion. They were only informed of the brand name(s), ad titles, and the
country in which the ads were aired. Respondents were asked if they already knew how one
or both of the ads performed in-market immediately after watching each pair. If they did, they

were skipped to the next pair to ensure the integrity of the prediction data. If not, they were



asked which of the two ads they thought was more effective at driving sales. The online
approach meant that the respondents made their judgments alone and because they were
forced to make decisions for ads they were not familiar with, with limited information, and

did so reasonably quickly, we can infer that the predictions are based on intuition.

Results
Marketers and agency executives

The accuracy of predictions across the different professional groups is shown in Table
1. The 698 professionals made 2159 predictions, which were almost uniformly distributed
between the eight pairs of ads, ranging from 262 to 285 responses per pair. Of all predictions,
51 percent were correct. In aggregate, judgments were no more accurate than guessing with a
50 percent probability of being right, # (2158) = 1.01, p = .31.

Combining independent predictions is a well-established practice in forecasting, often
leading to more accurate predictions (see Armstrong et al. 2015). We combined our
marketers’ predictions to evaluate if this would produce better predictions. To explain,
predictions were combined to create a modal prediction for each pair, where the group’s
collective judgments were used to classify one ad as more effective than the other, equivalent
to a voting majority. If, for example, 60 percent of people indicated Ad A was more effective
than Ad B, then the modal prediction would select Ad A as the winner. This approach reduces
the 2159 individual predictions down to eight modal predictions. Results for modal
predictions are also in Table 1.

Managers’ modal predictions identified the more sales effective ads significantly
better than chance for three of eight pairs (p< .05, i.e. Pairs 5, 6, and 8 highlighted in Table 1).

If we put statistical significance aside, modal predictions were correct (above 50%) for a
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further two pairs (Pairs 1 and 2). The results indicate managers are not very good at judging
ads and there is no “wisdom of the crowd” effect, as group prediction is not much better.
[Table 1 here]

Comparing the types of managers, chi-square tests revealed some differences.
Managers with experience working for the advertised category made correct predictions
significantly more often than managers without category experience, y° (1) = 10.58, p< .001.
Managers working in marketing or consumer insights roles made correct predictions
significantly more often than managers working in marketing operations roles, y* (1) = 6.93,
p< .01, and other’ roles, y* (1) = 4.97, p< .05 (note, as these ‘other’ managers have varied
experiences, it is difficult to draw a meaningful comparison here).

Prediction accuracy was similar across other managerial experience, including
managers from the manufacturer versus the advertising agencies, x> (1) = 1.71, p = .19, and
managers that were responsible for approving ads to air versus those that were not, y* (1) =
0.36, p = .55. One-way ANOV A showed no significant differences between six tenure
groups, F'(5,2148) = 0.44, p = 0.82. It cannot be assumed, however, that managers who have
worked for the manufacturer for less time are universally less experienced. It is possible that
managers with shorter tenure may have had long careers at other companies, though they
should be much more familiar with advertising for the manufacturer.

The chi-square analysis provides insight into the characteristics of more successful
advertising decision makers. A multivariate approach allows us to examine whether any
characteristic dominates or interacts with others. Two binary logistic regression models were
estimated, with the prediction acting as the dependent variable (correct or incorrect). Two
models had to be run because not all experience variables were collected from all
respondents. Model 1 includes predictions made by marketers employed by the manufacturer

and executives employed by the advertising agencies. These two groups are compared, also
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considering their tenure and category experience. Model 2 includes predictions made by
marketers employed by the manufacturer only, considering their specific marketing role and
responsibility for approving ads (both of which were irrelevant to agency executives), as well
as tenure and category experience. The results must be interpreted cautiously, as sample sizes
and considerable risk of heterogeneity complicate interpretation. There was particular concern
for sample sizes across the tenure groups, so tenure was collapsed to a dichotomous variable
of less tenure versus more tenure (up to 7 years versus 8 or more years). The cut point was
based conservatively on the expectation that it takes at least 10,000 hours of practice to
become an expert (Chase and Simon 1973; Ericsson 2006; Gladwell 2008), which equates to
about 5 to 6 years tenure (i.e. at 40 hours per week, 46 weeks per year).
[Table 2a and 2b here]

The binary logistic regressions are in line with the chi-square analysis. In Model 1
(Table 2a) it was found having prior experience working within the product category was
associated with better predictions (B = .15, p =.06). The results confirm the result that tenure
was not associated with prediction accuracy, nor was whether the employee worked for the
manufacturer or agency (p> .05). Nor did any of the interactions between these variables (p>
.05). In Model 2 (Table 2b) it was found that the role within the organization was associated
with prediction accuracy, with those working in marketing and consumer insights exceeding
other roles, and significantly exceeding the mixed ‘other’ group (B =.288, p =.05).
Consistent with Model 1, experience within the product category led to better predictions also
(B = .21, p=.02). Surprisingly, tenure with the organization and whether the employee had
the responsibility to approve advertising was not associated with the accuracy of marketers’
predictions (p> .05). This may be partly due to the exclusion of predictions of those who

already knew the performance of ads in the pairs.
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Comparing to Novices

A novice sample was collected as a baseline to compare managers’ predictions to. The
same survey was given to undergraduate students enrolled in an advertising course. The
survey was run at the beginning of the first lecture, before students were taught any
advertising theories or principles. Students were given the incentive of course credit for
participation; 191 of 257 students participated (74 percent). Ten students were excluded
because they claimed to have experience in a marketing or advertising role, leaving 181
respondents. Even though marketers’ intuitive predictions were generally no better than
chance they were better than novices. Only 44 percent of students’ predictions were correct,
which is worse than chance, t (1447) = -4.50, p< .001, and worse than the managers, 3* (1) =
16.81, p<.001. This result suggests marketers’ experience marginally improves their
judgment over novices. We suspect that the poorer performance by students could relate to
their level of engagement with the task, their lack of knowledge about how advertising works,
and/or insufficient understanding of broader category purchase mechanisms. Given that some
of the brands were also not available where the students lived, it may relate to their brand
specific knowledge. However, we are only speculating as to what matters. Investigation
beyond this single study is needed to understand what matters, including checking a variety of

stimuli and conditions to understand if this is a robust pattern.

Discussion

This study examines the ability of marketers to intuitively predict which ads they
should air for established brands. Contrary to what advertising professionals might believe,
and what a lot of research in advertising creativity suggests, intuitive decision-making did not
perform well. The results, split a variety of ways, suggest that once someone achieves a

minimum threshold of experience, further experience or expertise count for less than might be
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expected. This finding in this context is consistent with much of the literature about the
inaccuracies of intuition and human judgment more broadly.

When predictions were combined, some of the pairs appeared easier for marketers to
predict, collectively, than others. Reflecting on why some pairs were easier to judge is much
like guess work given that we are limited by a very small sample of ads, which included many
varied tactics within them. However, one pattern we note is that the three pairs predicted
correctly (significantly better than chance) were all from staple product categories, suggesting
sales resulting from ads for impulse products might be harder for managers to predict. There
is a substantive research agenda ahead to further investigate conditions where intuition may
be better or worse.

These findings should warn advertisers and their agencies not to over-estimate even
experienced managers’ intuition for making sound judgments about advertising. Relying
solely on intuition appears to be high risk for selecting what ads to air. The findings indicate a
relatively low base from which advertisers can improve when it comes to judging the
potential sales effectiveness of television ads.

Our study shows that research on unaided judgmental forecasts about complex,
uncertain situations (e.g. Tetlock, 2005) generalizes to the intuitive predictions of marketers
making advertising decisions. The results suggest advertisers’ problems in picking effective
ads aren’t so different from forecasting problems in other fields, and that formal systems may
be needed to replace or augment intuition. It justifies the push for research and development
of decision systems to help marketers make better advertising decisions. Drawing on the
growing literature on decision support systems is likely to provide useful insights for
marketers willing to take this journey (Van Bruggen and Wierenga 2010; Wierenga and Van
Bruggen 2000). Marketing expert systems may also help to alleviate the shortage of

marketing expertise by incorporating knowledge in a medium that allows it to be distributed
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easily and inexpensively (Burke et al. 1990). Similarly, the use of evidenced-based principles
have been proposed to improve advertising creativity and persuasiveness (Armstrong 2010).
The literature does, however, indicate substantial barriers to the adoption of such decision
support systems in practice, primarily because of issues related to usability and managers’
reluctance to concede that they need such tools (Eisenstein and Lodish 2002; Weiss and
Shanteau 2014). With more evidence of the inaccuracy of many advertising decisions, such as
this study, advertisers and their advertising agencies should become more realistic about the
flaws of intuition and open to exploring decision support systems to facilitate more effective
advertising.

To be adopted and subsequently maintained, however, managers will also require
evidence that decision aids do indeed improve decision-making. We cannot neglect that
feeding success back to managers is a critical component to reinforcing their use of such
tools. Lack of validation evidence is considered one of the major reasons for the downfall of
many marketing decision support systems (Eisenstein and Lodish 2002). In the field of
advertising, further evidence that decision aids do not prevent or dampen creativity is also
likely to be necessary to get broad adoption.

Other potential ways to improve marketers decisions include educating marketers
intuitions in kinder environments, with specific guidelines available to support this (e.g. seek
feedback, acknowledge emotions and make scientific method intuitive) (Hogarth 2003). For
many this will require spending more on advertising testing (e.g. Tharpe (2013) reported half
of very senior marketing executives spend less than 1% of their budgets on measurement), as
well as implementing centralized systems documenting what is advertised and what response
campaigns get in-market. Ideally, a culture of conducting natural experiments, online or in-

market, would also improve learning.
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It may also be beneficial to bring together people with different skills or experience to
facilitate collective expertise. In domains such as politics, team decisions can outperform
individual decisions as managers collaborate and comment on each other’s thoughts (Ungar et
al. 2012). Our managers were forced to make decisions alone, but advertising design is often
a collaborative process between the advertiser and advertising agency. Advertisers might be
best served by forming teams to liaise with advertising agencies. Testing of who should be in
such teams is needed, such as including internal and/or external experts, how many people
and from what roles, or what traits or skills do particular individuals need.

Our findings suggest that potentially valuable members of advertising decision-
making teams may include people with experience working for the product category or that
work in marketing and consumer insights roles. Our findings show these particular types of
marketers were better judges, with their prior experience giving them a small but significant
intuitive edge. What may be driving their superior intuition is continued exposure to similar
ads for the same products, or familiarity with when, how, and what motivates people buy
from the category, or their greater exposure to research methods and findings. Although the
differences between these professionals and their counterparts was small, where one group
outperformed the other by a margin of 10 percent or less, these small differences would add
up to large financial gains over time in regards to sales driven by advertising.

Other research, however, suggests that assessments should be made individually and
independently and then pooled to extract the “wisdom of the crowd” (Surowiecki 2004), akin
to the grouping method tested in this study. Advertisers are unlikely to ever have crowds or
panels of expert judges as large as ours to select what ads to run. There is much work to be
done to discover when and where this approach works best and how it might be optimally
implemented (see Graefe and Armstrong 2011). In the growing digital advertising world, split

cable live tests may provide crowd feedback.
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Intuition will always contribute to advertising design decisions but as advertising
becomes more accountable, intuition should no longer be sufficient to fully justify those
decisions. Our study contributes evidence to the growing body of literature about how
professionals approach the advertising process and also establishes a baseline from which to

assess how much decision support tools might improve advertising decision-making.
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Table 1: Accuracy of intuitive decisions

Group Subgroup Sample Predic- % Correct % Correct predictions for each pair of ads
size (n) tions (n) across (Modal decision is correct if result exceeds 50% for a pair)
individuals
All pairs Pair 1 Pair 2 Pair 3 Pair 4 Pair 5 Pair 6 Pair 7 Pair 8
All n/a 698 2159 51 52 51 36 43 64 70 32 61
(49-53)" | (46-58)  (45-57) (30-42) (37-49) (58-70) (64-75) (27-38) (55-66)
Employer Manufacturer 616 1909 52 54 50 37 43 64 72 32 59
(49-54) (48-60)  (44-56) (31-43) (37-50) (58-70) (66-78) (26-38) (53-65)
Advertising agency 82 250 47 41 56 30 38 61 48 33 71
(41-53) (24-59)  (38-74) (11-48) (20-55) (43-78) (27-69) (17-50) (54-88)
Role Marketing 484 1507 51 53 48 33 45 64 72 31 57
operations (48-53) (47-60)  (41-56) (26-39) (38-53) (57-71) (66-79) (25-38) (50-65)
Marketing insights 62 189 61 45 66 63 33 70 82 42 70
(54-68) (23-68)  (47-84) (43-82) (9-57) (49-90) (67-97) (18-67) (49-90)
Other 70 213 50 64 43 41 37 61 56 31 62
(43-57) (44-84)  (22-65) (19-63) (18-57) (43-78) (35-77) (13-49) (43-81)
Category Experience n/a 744 56 54 50 30 34 70 72 38 64
(52-59) (45-63)  (41-60) (18-42) (22-47) (63-78) (64-79) (25-52) (52-76)
No experience n/a 1415 49 51 51 38 45 57 67 31 60
(46-51) (43-59)  (43-59) (31-44) (38-52) (49-66) (59-76) (25-37) (53-66)
Approve ads  Experience 334 1063 52 51 55 36 49 64 74 33 60
(49-55) (43-59)  (46-64) (27-44) (40-57) (55-72) (67-82) (24-41) (52-69)
No experience 282 846 51 58 44 39 36 65 69 32 58
(47-54) (49-68)  (35-54) (29-48) (27-46) (56-74) (60-78) (22-42) (48-68)

*Managers could have experience in multiple categories and relevant category experience differed across pairs, which were from different categories
Confidence intervals (at 95%)
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Tables 2a and 2b: Logistic regression results’

B S.E. df p Exp(B) Lower  Upper
CI CI

Table 2a: Model 1 (Manufacturer and Agency employees)
EmployerManufacturer” -.04 .15 1 77 .96 72 1.28
TenureMore .19 15 1 19 1.21 91 1.61
CategoryExperience 15 .08 1 .06 1.16 1.00 1.36
EmployerManufacturer * TenureMore -.19 15 1 .19 .83 .62 1.10
EmployerManufacturer * Cat.Exp. -.00 .07 1 .98 1.00 .87 1.15
TenureMore * Cat.Exp. -.01 .05 1 .82 .99 .89 1.10
Table 2b: Model 2 (Manufacturer employees only)
Rolelnsights’ .288 .15 1 .05 1.33 1.00 1.79
RoleOperations’ .015 .10 1 .88 1.02 .84 1.23
ApproveAds 147 12 1 21 1.16 92 1.45
TenureMore -.058 .09 1 53 .94 79 1.13
CategoryExperience 210 .09 1 .02 1.23 1.03 1.47
Rolelnsights * ApproveAds .096 .14 1 .50 1.10 .84 1.45
RoleOperations * ApproveAds .060 .10 1 53 1.06 .88 1.28
Rolelnsights * TenureMore -.159 11 1 15 .85 .69 1.06
RoleOperations * TenureMore -.137 .08 1 .10 .87 74 1.03
Rolelnsights * Cat.Exp. 155 A1 1 15 1.17 95 1.44
RoleOperations * Cat.Exp. 110 .08 1 18 1.12 95 1.31
TenureMore * ApproveAds .034 .06 1 57 1.04 92 1.16
TenureMore * Cat.Exp. -.020 .06 1 71 .98 .88 1.09
ApproveAds * Cat.Exp. .043 .06 1 44 1.04 .94 1.16

'All variables were contrast coded; “Reference value is EmployerAgency; *Reference value is RoleOther
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